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- {5 (estimation/regression)
77EE (clustering analysis)
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Filter Based Feature Selection
st 9555,

- principal component analysis

- information gain

- stepwise regression
- t-test

- factor analysis, etc.
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Filter Based Feature Selection

* Ff¥l]: Wine dataset (53588 &)1 ntE; 3{E4EE)

* UCI Machine Learning Repository
(https://archive.ics.uci.edu/ml/index.php)

- e

CART 0.932 0.989 (+0.057)
MLP 0.978 0.994 (+0.016)

SVM 0.983 0.933 (-0.05)


https://archive.ics.uci.edu/ml/index.php

_ Wrapper Base

Selection

* a2 E AT, Fil:
- genetic algorithms (GA)

- particle swarm optimization (PSO)
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£ HAY 7 i FE Y (fitness function) DLEZE =
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apper Basec

Selection
o #f8l: Wine dataset

Non-feature PCA (80%)
selection

0.932 0.989 (+0.057)  0.989 (+0.057)

MLP 0.978 0.994 (+0.016)  0.994 (+0.016)

SVM 0.983 0.933 (-0.05)  0.994 (+0.011)



~ Embedded

Selection
w B A C4.5/CART A5 EdiEt K (Random
Forest)
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Selection

o qafdl: ELKIA dataset (182fEFF i/ fiL)
* DL SVM 73¥iss Rt

Non-feature
selection PCA (7.1 C4.5

0.643 0.643 0.683 (+0.04) 0.741 (+0.098)

* C4.5 H25E T10{#FHE
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Edited Nearest Neighbor (ENN): & B ELCZS 40V E
1

BHIur SteERE THHE], EFEERA | 880 k siralE

2l (k-nearest neighbor; k-NN) (k 85 5% 53) H{T57

ik, 75 k-NN S i IERES IS EFTBERI, B i (7
SR S o, T i H0E S TR




ZPIEN-EENEE]

ENN [ ZE e
- Instance-Based Learning (IB1, IB2, IB3)

- Decremental Reduction Optimization Procedure
(DROP; DROP1, DROP2, DROP3)

SN T — B A TR B PR B S PRAVEFIRTER,
B2 o —(ER AN e RIS k-NN S350 A Rl THERY

- R AN BRI R R BT TR [ S0 HE TR 2R

Genetic Algorithms
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A =[]

2= fl)322 HY

* #uffl] 1 KDD Cup 2008 Breast Cancer dataset (102294[
B u7{ERHE)

I R

CART 79.32% 99.38% 99.31%

K-NN 77.84% 99.44% 99.35%

SVM 87.83% 99.44% 99.36%
P e

Reduction rate 42.02% 10.85% 56.96%

Processing time 12.13 455.29 1839.43

(min.)
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75— BREMERZEE (case deletion/listwise deletion)
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Gt A
- mean/mode (A8 T E)
- regression, etc.
BB EE A
- KNN
- MLP
- Decision trees: C4.5/CART/Random forests

- SVM/SVR, etc.

/




Name Sex Age Height Wweight -
1 Alfred b 14 69 112.5
2 Alice [ 13 56.5 84
3 Barbara F 13 65.3 32
% arot F = H25
= Henry b 14 63.5 102.5
=] James A 12 57.3 83
7 Jane F = 00000 =F
e Janet F 15 62.5 112.5
=) Fetffrep fot 13 sz
10 John b 12 59 995
11 Joyce F 11 51.3 50.5
12 Judy F 14 64.3 90
13 Louise F 12 56.3 &
1K F ™ BE 5 T2
15 Philip b 16 72 150
16 Robert A 12

64.8 128 v|
>
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* wEfl: 5{EEHEEN
(%)

il

Blood 74.56
Breast_cancer 76.62
Ecoli 69.07
64.88

41.24

65.27

MLP
74-99

74-72
7577
70.72
64.94
41.16

65.46

£, 209, SVM ST

74.56

76.61

71.38

R

74.51
752
71.27
64.94
41.29

65.44
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